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1. Introduction

Generative Artificial Intelligence (GAl) refers to a specific branch of Artificial Intelligence that
involves training Large Language Models on extensive datasets. These models are then
capable of creating new content, including text, code, diagrams, and images, based on
prompts provided by users. GAl has the potential to enhance learning and research, but it
must be used in an ethical way, that does not compromise academic integrity, independent
student analysis and student skills development. Some examples of Generative Al tools that
you may be familiar with, are ChatGPT, Copilot, Scribe and DALL-E.

2. Key Principles
2.1 Al literacy

Al literacy is becoming an important factor in employability with multiple papers stating that
Al literacy adds to career advantages and employer demand (Li 2022, Neha 2020). Al can be
useful for planning and managing work and time efficiently, alongside other things, such as
reviewing large topics. Al literacy can also support learning when used responsibly and
transparently (Southworth 2023).

2.2 Al bias

GAl tools are products of the information that they receive and hence GAl tools have biases
(Kordzadeh 2020). Students should be aware of these biases and should always use their
own knowledge and critical thinking skills alongside Al tools. Individual Al tools have
different biases based on their algorithms and data available to them. Make sure you are
familiar with these biases before using a specific Al tool. For example, different GAl
platforms have been shown to have different gender-bias. A US-based generative Al,
ChatGPT, was shown to associate men with some professions over women (Zhou 2023).

2.3 Al limitations

GAl is only as good as the data it has access to. This data may not be factual, and Al cannot
determine fact from fiction. This data could also be irrelevant or out-of-date (UMD 2022).
Therefore, when using GAl, individual fact-checking and updating must be carried out.
Similarly, GAl may misinterpret data and is not a substitute for human critical thinking and
decision-making. For example, it is now possible to find Al-generated, fake scientific papers
online (Wang 2023). Sometimes, GAl makes up entirely fictional things — for instance, if you
ask ChatGPT to write an essay with a reference list, you will find that some of the references
do not actually exist (Bhattacharyya 2023).
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https://pubmed.ncbi.nlm.nih.gov/?term=Bhattacharyya%20M%5BAuthor%5D

2.4 Al and data protection

Some GAl tools (often free tools) learn directly from users’ input (i.e. they add the material
you have provided to their database), and some do not (JISC 2024). Make sure you are aware
of the level of protection your data (privacy and intellectual property (IP)) has when using a
GAl tool. It is best practice to avoid inputting novel data or other IP into a GAl tool.

2.5 Al ethics and referencing

Ethics encompasses two ideas: first the ethics embedded within the code behind the Al tool
and second the ethics of using Al. Some Al tools’ algorithms encode a basic set of ethics,
but others do not, and the effectiveness of these is variable (Tsamados 2022). Therefore,
students must use their own human judgment and ethical considerations. In terms of
ethical use of Al, students must be transparent and provide reference to all Al tools utilised
and how they were utilised in their work (See Section 5. Examples of named Al use).

2.6 Academic practice

Plagiarism or any form of academic misconduct is not acceptable. As per previous
university guidance, an example of this would be to not reference GAl when it was used in
any processes involved in the development of the thesis. Students remain responsible for
the work submitted. For example, if a student submits any work that is found to be
plagiarised, the usual University procedures will be followed (See section below).

3. Fabricating data or results

Al tools should never be used to manipulate data or fabricate research findings. Fabrication
of data is academic misconduct and will result in an academic conduct case.

4. Consequences of excessive reliance on Al

If markers have reason to believe a student has excessively relied on Al tools to complete
their thesis, they will be referred to the academic conduct panel where the following actions
may be taken:

e The student may be called for a short-notice in-person interview to discuss their
understanding of the submitted work.

e The student may be asked to provide a version history of their document and their
notes and rough drafts.

e Depending on the severity of the offence, sanctions may be taken in accordance
with the University’s academic integrity policy.
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5. Examples of named Al use (quoted from the institutional approach document below)

[Al Tool Name] has assisted in structuring this assessment. This was used to help me
organise my thoughts, the underlying work remains my own. Include an example prompt
used.

[Al Tool Name] was used to generate alternative streams of thought. It was used to generate
ideas to help me start my assessment. | have attributed the ideas it generated and my
further development of them remains my own. Include an example prompt used.

[Al Tool Name] has been used to generate ideas and source articles. | used this because |
was instructed to as part of this assessment. | have attributed the ideas it generated and my
further development of them remains my own. | have read all source articles cited in this
work. Include an example prompt used.

[Al Tool Name] has been used to proofread, edit, and refine spelling and grammar in the
following sections. This was used because | am not confident in the use of English tenses.
Include a detailed description of what the tool ‘edited’ within your work. Include an example
prompt used.

6. The central university regulations
e Academic Integrity Regulation 11

https://warwick.ac.uk/services/gov/calendar/section2/regulations/academic_integrity/

e The Proofreading Policy

https://warwick.ac.uk/services/aro/dar/quality/categories/examinations/policies/v_proofrea
ding/

e The fullinstitutional approach to the use of Al and academic integrity is available
here

https://warwick.ac.uk/services/aro/dar/quality/az/acintegrity/framework/institutional_appro

ach_to_the_use_of_artificial_intelligence_and_academic_integrity.pdf

7. UKRI policy

https://www.ukri.org/publications/generative-artificial-intelligence-in-application-and-

assessment-policy/use-of-generative-artificial-intelligence-in-application-preparation-and-

assessment/
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