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Figure 2 Impact of interventions lasting 12 weeks

Davies et al. Effects of non-pharmaceutical interventions on COVID-19 cases, deaths and demand for hospital services in the UK: a modelling study, 2020.
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Disease transmission and
control modelling at the
science-policy interface

(https://doi.org/10.1098/rsfs.2021.0013)

Example 1

Communicating
uncertainty in
epidemic models

(https://doi.org/10.1016/j.epidem.
2021.100520)

Public awareness
and opinions on the
use of mathematical

transmission
modelling to inform

public health policy
in the United

Kingdom

(https://doi.org/10.1098/rsif.2023.

0456)
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% Broad messages: "cases will rise next week” rather than “"we expect an increase of 127
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Professor Jason Leitch, National Clinical Director for the Scottish Government 2015 - 2024
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McCabe and Donnelly, Disease transmission and control modelling at the science-policy interface, 2021 https://doi.org/10.1098/rsfs.2021.0013
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McCabe and Donnelly, Public awareness and opinions on the use of mathematical transmission modelling to inform public health policy in the United
Kingdom, 2023 https://doi.org/10.1098/rsif.2023.0456
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