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Value and Worth of Personal Data 

“How can you 
benefit from your 
data?” 

“How can markets 
benefit from personal 
data?” 

“Why take control of your 
personal data?” 

Why Are Consumers 
not Directly Engaged 
in Markets for Data? 

“Usual” Projection 
on the Future 
Markets for Data 

Supply of free data 

Demand willing to pay 

No equilibrium price! 

No trade… ?

Inventive data in practice 

Low Effort 
 

•  Traditional data 
•  Content-data 

Not all data is the same! 
Medium Effort 

 
•  Invasive data 
•  Content-data 

 

High Effort 
 

•  Inventive data 
•  Metadata 

 

Low Medium High 

Content 
Data Shower gel Toothpaste 

Shampoo 

Metadata Shower gel Toothpaste 
Shampoo 

Measuring brand loyalty 
Capturing usage data by registering 
the brand and weighting every day: 
•  Shower gel 
•  Toothpaste 
•  Shampoo 

Smart dog monitoring Smart weight loss 

Possible 
Projection on 

Future Markets for 
Personal Data 

Pricing High Value Data 

HARRIET 

Multi-Sided Markets  

Multi-Sided Markets and Pricing for Big Personal Data: 
Smarter Cities and Citizens  

Clustering Big Urban Dataset 

In recent years, urban areas have seen a rapid growth in the Big Personal Data generation at the 
individual citizen, community, and city levels. This, in turn, led to the increase in demand for new 
pricing mechanisms governing the exchange of Big Personal Data. This paper is framed in the 
context of how new data platforms, banks, and pricing mechanisms can benefit the stakeholders. 
In particular, we examine how emerging data platforms (that can enable data-driven business 
models and evaluate both existing and user-centric pricing mechanisms) can be combined with 
multi-sided markets. A case study involving commodity sensors, personal data, and consumer 
behaviour is showcased to illustrate the concepts in action. 

Cities are producing and collecting massive amount of data from various sources such as 
transportation network, energy sector, smart homes, tax records, surveys, LIDAR data, mobile 
phones sensors etc. All of the aforementioned data, when connected via the Internet, fall under 
the Internet of Things (IoT) category. To use such a large volume of data for potential scientific 
computing benefits, it is important to store and analyze such amount of urban data using efficient 
computing resources and algorithms. However, this can be problematic due to many challenges. 
This article explores some of these challenges and test the performance of two partitional 
algorithms for clustering Big Urban Datasets, namely: the K-Means vs. the Fuzzy cMean (FCM). 
Clustering Big Urban Data in compact format represents the information of the whole data and 
this can benefit researchers to deal with this reorganized data much efficiently. Our experiments 
conclude that FCM outperformed the K-Means when presented with such type of dataset, 
however the later is lighter on the hardware utilisations. 

“Fuzzy cMean clustering would be a better 
choice if speed and quality are priority” 


