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News Uncertainty and Signaling Effects of Monetary

Policy

Jiping Shi*

Abstract

I investigate how news uncertainty influences the signaling effects of monetary policy, a
key element for understanding how central bank communication impacts households and firms.
Utilizing a monetary policy news uncertainty index from newspaper data, I apply a smooth
transition local projection model to examine the effects of contractionary monetary shocks
under varying levels of news uncertainty. I find that under high news uncertainty, inflation,
inflation expectations, and output rise—contrary to the central bank’s goals—demonstrating
the price and output puzzles. However, when news uncertainty is low, these variables decrease
as expected following contractionary policy shocks. My findings illustrate that high news un-
certainty amplifies signaling effects, leading to unintended economic outcomes, whereas min-
imizing news uncertainty reduces these effects and supports the efficacy of traditional policy
mechanisms. I propose two mechanisms: (1) households pessimistically misjudge monetary
shocks in the opposite direction when conflicting media reports distort the information they
receive, and (2) households misinterpret monetary policy as a signal of rising inflation, while
firms misinterpret it as a combination of a positive preference shock and a negative productiv-
ity shock. These insights underline the importance of reducing news uncertainty through clear
and consistent central bank communication.
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1 Introduction

How does news uncertainty affect the signaling effects of monetary policy? Information is

inherently dispersed among market participants, leading central bank actions to convey new infor-

mation that shapes expectations and behaviors in ways not fully aligned with traditional transmis-

sion mechanisms. The signaling effects of monetary policy occur when central bank decisions,

such as interest rate changes, influence their expectations and behavior beyond the direct effects of

the policy itself (Melosi, 2017). Understanding these signaling effects is crucial for enhancing the

effectiveness of monetary policy in stabilizing the economy. However, the complexity of modeling

these informational asymmetries and the challenge of empirically distinguishing signaling effects

from other policy actions have limited the focus on this area in economic research. Mass media

plays a key role in communicating monetary policy information to the public, significantly influ-

encing the decisions of firms and households (Bloom, 2014; Bloom et al., 2018; Känzig, 2021).

Media outlets, particularly newspapers, often report on monetary policy decisions and the broader

economic outlook, shaping public perception and expectations about future economic conditions.

This media coverage can influence how firms and households perceive and respond to policy sig-

nals, especially when it emphasizes uncertainty surrounding monetary policy. Such coverage can

increase skepticism about the central bank’s policy direction, amplifying or distorting signaling

effects and leading to misinterpretations of monetary signals, which may result in unintended eco-

nomic consequences. I explore how news uncertainty affects the effectiveness of monetary policy

signals, focusing on the role of mass media in shaping public perceptions and expectations, and

test whether reducing news uncertainty can minimize signaling effects, providing insights for poli-

cymakers to better monitor media reporting and adjust their communication strategies accordingly.

In this dissertation, I assess monetary policy news uncertainty using textual data from news-

papers, employing the index developed by Baker et al. (2016), which tracks the frequency of terms

related to monetary policy (e.g., “Federal Reserve”, “fed funds rate”, “overnight lending rate”),

the economy, and uncertainty in ten leading U.S. newspapers. This index effectively captures the

extent to which newspapers report on uncertainty surrounding monetary policy. For the empirical

analysis, I measure exogenous monetary shocks using high-frequency methods based on changes

in Federal Funds Futures and Eurodollar Futures around Federal Open Market Committee (FOMC)

announcements, following the methodologies of Kuttner (2001) and Brennan et al. (2024). These

1



changes are calculated from 10 minutes before to 20 minutes after FOMC announcements and are

averaged quarterly to represent the shocks. I then use a smooth transition local projection model

to estimate and compare the responses of economic variables to contractionary monetary shocks

under conditions of both high and low monetary policy news uncertainty. The probability of the

economy being in a high or low uncertainty regime is measured using the approach of Tenreyro

and Thwaites (2016), which smoothly transitions between states based on the level of monetary

policy news uncertainty. This model is particularly effective at capturing non-linear dynamics and

allows for gradual regime changes, making it well-suited for analyzing the complex economic

relationships that vary across different uncertainty conditions.

My findings demonstrate that under high monetary policy news uncertainty, inflation increases

significantly by nearly 0.3 percentage points and persists for six quarters following a 100 basis

point contractionary monetary policy shock. In contrast, under low monetary policy news uncer-

tainty, inflation decreases as conventional economic theory predicts, dropping by 0.23 percentage

points by the seventh quarter after the shock. Similarly, expected inflation rises under high mon-

etary policy news uncertainty, lasting for eight quarters, while it declines under low monetary

policy news uncertainty. These unexpected increases in inflation and inflation expectations un-

der high monetary policy news uncertainty highlight the price puzzle. Additionally, real GDP

shows a significant positive response under high monetary policy news uncertainty from the first

to the twelfth quarter, while it decreases under low monetary policy news uncertainty, illustrating

the output puzzle. These two puzzles underscore the potential ineffectiveness of monetary policy

under high news uncertainty, where heightened news uncertainty amplifies signaling effects that

lead market participants to react in unexpected ways, often contrary to the intended policy out-

comes. In contrast, when news uncertainty is low, such signaling effects are minimized, allowing

the traditional transmission mechanisms of monetary policy to function effectively, aligning mar-

ket responses with the central bank’s goals. The results are robust across different measurements

of exogenous shocks, model specifications, and parameter settings, and remain consistent when

excluding the COVID-19 period from the sample.

I explore two mechanisms underlying the signaling effects of monetary policy driven by news

uncertainty. The first mechanism focuses solely on households, suggesting that news uncertainty

primarily influences the demand side’s judgment of real monetary shocks, thereby driving the sig-
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naling effects. This is because households have fewer information sources and are more susceptible

to news influence, making them more likely to perceive incorrect signals and subsequently mis-

judge monetary shocks. In contrast, firms typically have access to multiple information sources and

professional analysts, making them less likely to misjudge these signals. To formalize this mecha-

nism, I modify the full information New Keynesian model by introducing the concepts of perceived

monetary shocks and perceived interest rates. A new parameter for perceived monetary shocks is

introduced, varying based on whether the economy is in a high or low monetary policy news uncer-

tainty regime, reflecting the degree of households’ confidence in the central bank’s actions. When

the probability exceeds 0.5, signaling high monetary policy news uncertainty, households receive

distorted information due to conflicting media reports, causing them to perceive the economic en-

vironment as more unstable, leading to pessimistic reactions and belief that monetary shocks are

moving in the opposite direction, ultimately undermining central bank policy goals. Conversely,

when the probability is below 0.5, households trust the policy, believing monetary shocks will in-

fluence the economy as intended. At a probability of 0.5, households are equally split between

trusting and doubting the central bank, leading them to adopt a wait-and-see approach and per-

ceive monetary shocks as having no clear effect. Consequently, higher news uncertainty leads to

greater discrepancies between perceived and real monetary shocks. Perceived interest rates are

derived from these perceived monetary shocks, influencing households’ consumption decisions.

The model demonstrates that, under high monetary policy news uncertainty, households may be-

come skeptical of the central bank’s policy direction, misjudging signals in a way that suggests

the opposite of the intended monetary shock. This signaling effect, driven by news uncertainty,

can lead households to behave as if monetary policy is expansionary even when it is actually con-

tractionary, resulting in increased consumption and demand, which contributes to the price puzzle,

output puzzle, and the ineffectiveness of monetary policy.

The first mechanism focuses solely on households misjudging the direction of monetary

shocks, while the second mechanism considers both households and firms correctly recognizing

the real monetary shocks but misinterpreting the central bank’s intentions, leading to signaling ef-

fects. For households, I introduce a variable that reflects the anxiety they feel about future demand,

influenced by current monetary policy news uncertainty and the policy itself. For firms, I extend

the regime-switching dispersed information New Keynesian Phillips curve (NKPC) developed by
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Falck et al. (2021) to include monetary policy news uncertainty. The economy operates in either a

low or high signal precision regime driven by monetary policy news uncertainty, with households

and firms anticipating potential regime switches in the future. These expectations influence house-

holds’ optimal consumption decisions and firms’ pricing strategies. This modified model suggests

that firms may misinterpret contractionary shocks, viewing them as a mix of positive preference

shocks and negative productivity shocks, which leads to higher prices. At the same time, under

high news uncertainty, households struggle to interpret the central bank’s intentions, leading them

to view contractionary monetary policy as a signal of future inflation, which causes anxiety about

future consumption and prompts them to increase current spending to avoid higher prices or re-

duced purchasing power later. Despite the potential for negative productivity shocks, firms may

respond by hiring more workers or intensifying resource use to meet the increased demand, re-

sulting in higher production costs and, consequently, increased prices and inflation. Household

and firm misinterpretation under high news uncertainty contribute to the persistence of signaling

effects of monetary policy.

I structure this dissertation as follows. Section 2 presents the empirical analysis of the im-

pact of monetary policy news uncertainty on economic variables using the smooth transition local

projection model. Section 3 interprets the empirical results through two economic models that

incorporate uncertain and dispersed information. It details the modifications made to the full infor-

mation New Keynesian model and the dispersed information model to capture the signaling effects

of monetary policy. Section 4 concludes the dissertation.

1.1 Contributions/Related Literature

I contribute to four key areas of existing literature. The first major contribution is to the re-

search on asymmetric information and the signaling effects of monetary policy. Key studies, such

as those by Romer and Romer (2000), demonstrate that the Federal Reserve’s interest rate decisions

serve as signals for market participants to assess current and future economic conditions—known

as the “Fed information effect.” Subsequent work by Campbell et al. (2017) and Nakamura and

Steinsson (2018) further explore how forward guidance and interest rate announcements influence

real interest rates and market perceptions of the natural rate of interest. Additionally, Falck et al.

(2021), extended from Melosi (2017), examine how varying levels of disagreement about inflation

4



expectations affect the effectiveness of monetary policy. However, these studies primarily focus

on professional analyses and forecasts, which are not always accessible or interpretable by all

economic agents. With the proliferation of mass media, these professional analyses are increas-

ingly disseminated through secondary channels like newspapers, reaching a broader audience of

households and firms. I extend these papers by investigating how mass media, as a crucial sec-

ondary information channel, shapes the perceptions and expectations of a wider audience beyond

just professional forecasters and market participants.

The second contribution addresses the ongoing debate surrounding the price puzzle. Early

studies, such as those by Sims (1992), Hanson (2004), and Florio (2018), largely attributed the

price puzzle to issues with Structural Vector Autoregression (SVAR) model specifications, view-

ing it as a byproduct of model errors. This narrow focus may lead to confirmation bias, potentially

overlooking deeper economic complexities and hindering the development of models that better

reflect the intricacies of monetary policy transmission. While some literature has explored the price

puzzle from a supply-side perspective, research by Rabanal (2007) and Castelnuovo (2012) argues

that the cost channel is insufficient to explain the price puzzle, particularly in scenarios with low

variable capital utilization rates and real wage stickiness. In contrast, I focus on the information

channel under conditions of news uncertainty, investigating how this uncertainty influences the

signaling effects of monetary policy by shaping households’ and firms’ perceptions and expecta-

tions. My empirical findings demonstrate that in the absence of news uncertainty, the price puzzle

disappears, offering a novel and more robust explanation compared to the cost channel.

The third contribution lies in the intersection of mass media and monetary policy. Previous

studies, such as those by Berger et al. (2011), Picault et al. (2022), and Pinter and Kočenda (2023),

emphasize the significance of media sentiment and the tone of coverage in shaping public percep-

tions and, consequently, the effectiveness of monetary policy. For example, Berger et al. (2011)

highlighted that media coverage of the European Central Bank’s (ECB) monetary policy decisions

is influenced by the nature of the decisions and the prevailing economic environment, suggesting

that central banks must consider how their policies are framed by the media to effectively man-

age public expectations. Similarly, Picault et al. (2022) and Pinter and Kočenda (2023) provided

insights into how media sentiment, particularly regarding unexpected monetary policy decisions,

can influence economic behaviors, although the impact on inflation expectations is often muted or
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inconsistent when filtered through traditional news outlets.

However, these studies primarily focus on the general sentiment of media reports. In contrast,

I shift the focus to the specific content within these reports, particularly the role of uncertainty in

monetary policy reporting. This focus is crucial because the level of uncertainty communicated

through the media can have a more direct and significant impact on public economic expectations

and behaviors than general sentiment alone (Baker et al., 2016; Hassan et al., 2019). My contri-

bution emphasizes how media-reported uncertainty can heighten skepticism and anxiety among

households and also lead to misinterpretations by firms, potentially undermining the central bank’s

efforts to stabilize inflation expectations and effectively control inflation. As noted by Coibion

et al. (2022) and Korenok et al. (2023), clear and consistent communication is essential for shap-

ing household inflation expectations and preventing the economy from entering an accelerationist

inflation regime. Therefore, as a policy implication, I suggest that by providing clear and unam-

biguous information about monetary policy decisions, central banks can reduce the uncertainty

conveyed by the media, thereby improving public understanding and expectations, ultimately en-

hancing their ability to control inflation and maintain economic stability.

Finally, the dissertation advances DSGE modeling frameworks to better capture the impacts

of uncertainty and signaling effects of monetary policy. Previous research has primarily focused

on the firm side, examining macro and micro productivity variations (Bloom et al., 2018) or the

effects of Calvo price stickiness and dispersed information (Lorenzoni, 2009; Melosi, 2017; Ni-

mark, 2008; Falck et al., 2021). However, these models often overlook the critical role of house-

holds, who are more influenced by media and whose expectations are vital for the effectiveness

of monetary policy. To address this gap, I extend existing models by incorporating perceived

monetary shocks and household anxiety about future demand, thus integrating the impact of news

uncertainty on signaling effects through households. This approach provides a more comprehen-

sive understanding of economic dynamics by considering the interactions between households and

firms.
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2 Empirical Evidence

2.1 Model

To explore the responses under the two states of high monetary policy news uncertainty and

low monetary policy news uncertainty, I use the smooth transition local projection model. Follow-

ing Tenreyro and Thwaites (2016) and Falck et al. (2021), my model is:

yt+i = τit+
(
αH
i + βH

i εt + γH
i xt−1

)
F (zt) +

(
αL
i + βL

i εt + γL
i xt−1

)
(1− F (zt)) + ut+i (1)

where yt+i is the endogenous variable, which includes the real GDP, inflation, and short-term infla-

tion expectation and i represents the number of periods after the monetary shock hits. τit controls

for a linear time trend. αH
i represents the regime-specific constant when the economy is experi-

encing high monetary policy news uncertainty. Similarly, αL
i denotes the regime-specific constant

under conditions of low monetary policy news uncertainty. βH
i corresponds to the regime-specific

effects of monetary shocks, denoted by εt, during periods of high monetary policy news uncer-

tainty. In contrast, βL
i captures the regime-specific effects of these monetary shocks when news

uncertainty is low. Following Falck et al. (2021), xt−1 includes the lagged federal funds rate, the

lagged inflation and real GDP forecast errors, the lagged labor productivity, the lagged long-term

inflation and real GDP expectations, and one lag of each dependent variable as controls. I control

for these lagged variables because they represent analysts’ past forecasting abilities, firms’ past

technological or production capabilities, and the environment for long-term economic develop-

ment. These lagged variables are predetermined when formulating monetary policy. They also

influence monetary policy decisions and the responses of other short-term macroeconomic vari-

ables. ut+i represent the error term. F (zt) ∈ [0, 1] represents the probability that the economy is

in a regime of high monetary policy news uncertainty. The core variable determining this proba-

bility is zt, which serves as the regime-indicating variable and reflects the level of monetary policy

news uncertainty. Following Tenreyro and Thwaites (2016), the function F (zt) is modeled with a

logistic form:

F (zt) =
exp

(
θ(zt−c)

σz

)
1 + exp

(
θ(zt−c)

σz

) , (2)
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where c denotes the median of zt, and σz represents its standard deviation. This specification

enables a smooth transition between periods of high and low monetary policy news uncertainty

without assuming distinct regimes and considers that some periods cannot be regarded as purely

high or low uncertainty regimes. θ, the curvature of F (zt), reflects the sensitivity of the probability

function to changes in uncertainty. Following Falck et al. (2021), I set θ to 5, but the results are

robust to various values (see details in Section 2.4). I apply the method developed by Driscoll and

Kraay (1998) to adjust standard errors over time and across horizons. This approach employs a

non-parametric covariance matrix estimator, which ensures heteroscedasticity-consistent standard

errors and is robust to cross-sectional and temporal dependencies.

2.2 Data

My baseline samples consist of quarterly data from 1995Q1 to 2022Q2 for all macroeconomic

variables. Since this period includes the zero lower bound (ZLB) period (2008-2015), I use the

shadow interest rate measured by Wu and Xia (2016) instead of the federal funds rate. The shadow

rate is estimated using models that incorporate information from financial markets and the broader

economy and could measure the effects of unconventional monetary policies, such as quantitative

easing or forward guidance, which central banks may employ when traditional policy tools like

adjusting the federal funds rate become ineffective due to the ZLB constraint.

I employ the Economic Policy Uncertainty Index categorized under monetary policy, mea-

sured by Baker et al. (2016) and sourced from the Federal Reserve Economic Data (FRED)

database, as the key regime-indicating variable zt for monetary policy news uncertainty. They

construct this index by searching ten leading US newspapers for the frequency of specific terms

related to monetary policy (such as federal reserve, fed funds rate, overnight lending rate), the

economy, and uncertainty. I further take the logarithm and process this index by removing the HP

filter trend of inflation expectations to isolate the actual uncertainty about monetary policy from

underlying inflation trends.
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Figure 1: Probability of being in high monetary policy news uncertainty

Notes: This figure shows the levels of monetary policy news uncertainty zt (left axis, blue and dashed line) and the

probability of being in a high uncertainty regime F (zt) (right axis, red line). The sample period spans from 1995Q1

to 2022Q2.

Figure 1 illustrates the level of monetary policy news uncertainty zt and the probability of

being in a high uncertainty regime F (zt) over time. The figure identifies four periods of heightened

monetary policy news uncertainty: the bursting of the dot-com bubble (1999-2004), the global

financial crisis (2008-2014), the U.S. presidential election (2016), and the U.S.-China trade war

alongside the COVID-19 pandemic (2019-2020).

Exogenous monetary shocks are measured using high-frequency methods following Kuttner

(2001), as revised by Brennan et al. (2024), in the baseline estimation, with additional robustness

tests following Nakamura and Steinsson (2018) and Gertler and Karadi (2015). I collect the prices

of Federal Funds Futures and Eurodollar Futures from the Chicago Mercantile Exchange (CME)

Group, calculate the changes in these futures around Federal Open Market Committee (FOMC)

monetary policy announcements, and process the data using established methods. For the baseline

estimation, I follow Kuttner (2001) and Brennan et al. (2024) by processing the prices of the federal
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funds futures expiring in the current month or the next month using:

MP1s =


Ds

Ds−ds

(
f 1
s,t − f 1

s,t−∆t

)
if Ds − ds > 7

f 2
s,t − f 2

s,t−∆t otherwise
(3)

where f 1 and f 2 represent the prices of federal funds futures expiring in the current month or

the next month, respectively, and Ds and ds denote the number of days in month s and the day

of the FOMC announcement, respectively. MP1 focuses on the change in federal funds futures

prices from 10 minutes before to 20 minutes after an FOMC announcement, allowing the market’s

reaction to new information from the central bank to be isolated. Any change in futures prices

during this window reflects how much the policy action deviated from what the market had already

anticipated, representing exogenous monetary shocks. Since federal funds futures settle based on

the monthly average of the effective overnight federal funds rate, the change must be scaled by

the inverse proportion of the days remaining in the month after the announcement to account for

time averaging. If the announcement occurs in the last seven days of the month, the next month’s

futures are used instead, avoiding distortions from time averaging over the few remaining days

of the current month. Then I take the quarterly average of this index as the exogenous monetary

shocks.

Further details about other macroeconomic variables are provided in Appendix A.

2.3 Results

Figure 2 presents the impulse responses of various economic indicators—namely, inflation,

one-quarter-ahead inflation expectations, real GDP, and the shadow federal funds rate (SFFR)—to

a 100 basis point contractionary monetary policy shock, estimated using the smooth transition

local projection model. The left plots display the impact of the shock in a high monetary policy

news uncertainty regime (βH), while the right plots show the effects in a low monetary policy

news uncertainty regime (βL). The figure includes confidence bands at the 68% and 90% levels.

Following the approach of Falck et al. (2021), the impulse response functions are smoothed using

a centered moving average over three periods, with the exception of the first and last coefficients.

The last plot shows that the shadow federal funds rate increases and lasts for 9 quarters fol-
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Figure 2: The effects of 100 basis point contractionary monetary shock under high and low monetary policy
news uncertainty

Notes: The figure shows the smoothed impulse responses of annualised inflation, one-quarter-ahead annualised
inflation expectations, real GDP, and the shadow federal funds rate to a 100 basis point contractionary monetary
policy shock in a high (low) monetary policy news uncertainty regime (βH (βL)). I estimate by smooth transition
local projection model and correct the standard error following Driscoll and Kraay (1998). The light and dark grey
regions in the figure represent the 68% and 90% confidence intervals, respectively.

lowing a contractionary monetary shock in both high and low monetary policy news uncertainty

regimes. This suggests that the central bank keeps raising interest rates after contractionary policy

regardless of the level of uncertainty, aiming for a consistent and persistent tightening effect on

monetary conditions across both regimes. The first plot shows the responses of the annualized

inflation in the current quarter. Under high monetary policy news uncertainty, inflation exhibits a

significant positive response in the current quarter following the contractionary monetary policy

shock, increasing by nearly 0.3 percentage points. This positive response persists for six quarters

before eventually turning significantly negative in the 9th and 10th quarters post-shock, dropping to

about -0.15 percentage points, and then back to insignificant response. In contrast, under low mon-

etary policy news uncertainty, inflation shows a significant negative response from the first quarter

after the shock, plummeting by -0.23 percentage points and lasting until the seventh quarter.

The second plot shows the responses of the annualized expected inflation for the next quarter.

Under high monetary policy news uncertainty, expected inflation also shows a significant positive

response from the first quarter to the eighth quarter after the shock, before becoming insignificant.

Under low monetary policy news uncertainty, expected inflation exhibits a significant negative

response from the fourth to the seventh quarter post-shock. Intuitively, after a contractionary mon-
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etary policy, inflation and expected inflation should decrease since higher borrowing costs and

lower market demand expectations lead firms to lower their prices. However, under high monetary

policy news uncertainty, both inflation and expected inflation increase for at least six quarters after

shock, presenting the price puzzle.

The third plot shows the responses of real GDP. Under high monetary policy news uncertainty,

real GDP shows a significant positive response from the first quarter to the twelfth quarter after the

shock. However, under low monetary policy news uncertainty, real GDP significantly decreases

from the first to the seventh quarter post-shock. Intuitively, following a contractionary monetary

policy, aggregate demand and production should decrease, leading to a decline in real GDP. How-

ever, under high monetary policy news uncertainty, real GDP increases instead, presenting the

output puzzle.

The occurrence of the price puzzle and output puzzle under high monetary policy news uncer-

tainty demonstrates how high news uncertainty undermines the effectiveness of monetary policy,

making it less capable of stabilizing inflation and output. In contrast, when news uncertainty is

low, these puzzles disappear, and monetary policy can operate effectively through the traditional

interest rate channel, allowing the central bank to stabilize the economy. This indicates that high

news uncertainty amplifies the signaling effects of monetary policy, causing market participants

to misinterpret the central bank’s actions and form distorted expectations about future economic

conditions. Conversely, lower news uncertainty reduces the signaling effects, allowing monetary

policy to function more efficiently in achieving its goals. In Section 3, I will present two detailed

models that explain the transmission mechanisms of monetary policy signaling effects driven by

news uncertainty.

2.4 Robustness

I check the robustness of my results by using different measures of exogenous monetary

shocks. I select two additional high-frequency methods to measure these shocks. The first method,

following Nakamura and Steinsson (2018), uses the first principal component of changes in five

types of futures (MP1, MP2, ED2, ED3, ED4) to measure exogenous monetary shocks. Specifi-

cally, MP1 captures changes in federal funds futures contracts expiring in the month of the FOMC

announcement, as before; MP2 captures changes in federal funds futures contracts expiring in the
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month of the next scheduled FOMC meeting; ED2, ED3, and ED4 measure changes in Eurodollar

futures expiring in the one quarter, two quarters, and three quarters after the FOMC announcement,

respectively. The second method, following Gertler and Karadi (2015), measures changes in the

federal funds futures contracts expiring three months after the FOMC announcement, using the

price change from 10 minutes before to 20 minutes after the announcement. I use the quarterly av-

erage of these two indices to measure exogenous monetary shocks. Figure 3 shows that the results

are very similar to the baseline results: under high monetary policy news uncertainty, inflation,

expected inflation, and real GDP all increase following a contractionary monetary policy shock,

whereas they all decrease under low monetary policy news uncertainty.

I then test the robustness of my results to model specification. First, I examine the robustness

to different values of θ in the specification for F (zt). In the baseline model, I set θ to 5. To test

robustness, I choose a larger value (10) and a smaller value (3). Figure 4 shows the results of these

tests, which are similar to the baseline results, indicating that the price puzzle and output puzzle

still exist. Additionally, I test the robustness to the lag length of the dependent variable in the

control variables. Figure 5 shows the results when I include each dependent variable with two lags

in the control variables, which also yielded results similar to the baseline.

Finally, some researchers like Ferroni et al. (2024) believe that the mechanism affecting in-

flation during the COVID-19 period is unusual. A possible concern is that both monetary policy

news uncertainty and COVID-19 shocks are both high during this period, but the driver of inflation

might have been the unusual mechanism of the COVID shocks rather than high monetary policy

news uncertainty. To address this, I refer to the time period of the COVID shocks measured by

Ferroni et al. (2024) (2020Q2-2021Q3) and set the sample period from 1995Q1 to 2019Q4, ex-

cluding the COVID shocks, for robustness testing. Figure 6 shows the results, which are similar to

the baseline results, proving the robustness of my findings.

3 Discussion: Theoretical Mechanism

This section aims to explain the empirical results presented above by exploring the trans-

mission mechanisms of monetary policy signaling effects driven by news uncertainty, using two

modified New Keynesian models.
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((a)) Robustness check with NS shocks under high news uncertainty
regime

((b)) Robustness check with NS shocks under low news uncertainty
regime

((c)) Robustness check with GK shocks under high news uncertainty
regime

((d)) Robustness check with GK shocks under low news uncertainty
regime

Figure 3: Robustness check with alternative exogenous monetary shocks measurement

Notes: The figure shows the smoothed impulse responses of annualised inflation, one-quarter-ahead annualised
inflation expectations, real GDP, and the shadow federal funds rate to a 100 basis point contractionary monetary
shock in a high (low) monetary policy news uncertainty regime (βH (βL)). Instead of MP1, I measure the exogenous
monetary shock following Nakamura and Steinsson (2018) (NS shocks) and Gertler and Karadi (2015) (GK shocks).
I estimate by smooth transition local projection model and correct the standard error following Driscoll and Kraay
(1998). The light and dark grey regions in the figure represent the 68% and 90% confidence intervals, respectively.
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((a)) Robustness check with θ = 10 under high news uncertainty
regime

((b)) Robustness check with θ = 10 under low news uncertainty
regime

((c)) Robustness check with θ = 3 under high news uncertainty
regime

((d)) Robustness check with θ = 3 under low news uncertainty
regime

Figure 4: Robustness check with θ as other values

Notes: The figure shows the smoothed impulse responses of annualised inflation, one-quarter-ahead annualised
inflation expectations, real GDP, and the shadow federal funds rate to a 100 basis point contractionary monetary shock
in a high (low) monetary policy news uncertainty regime (βH (βL)). Instead of 5, I include each dependent variable
with two lags in the control variables. I estimate by smooth transition local projection model and correct the standard
error following Driscoll and Kraay (1998). The light and dark grey regions in the figure represent the 68% and 90%
confidence intervals, respectively.
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Figure 5: Robustness check including each dependent variable with two lags

Notes: The figure shows the smoothed impulse responses of annualised inflation, one-quarter-ahead annualised
inflation expectations, real GDP, and the shadow federal funds rate to a 100 basis point contractionary monetary shock
in a high (low) monetary policy news uncertainty regime (βH (βL)). Instead, I set θ as 10 and 3 respectively. I estimate
by smooth transition local projection model and correct the standard error following Driscoll and Kraay (1998). The
light and dark grey regions in the figure represent the 68% and 90% confidence intervals, respectively.

Figure 6: Robustness check with sample period excluding COVID

Notes: The figure shows the smoothed impulse responses of annualised inflation, one-quarter-ahead annualised
inflation expectations, real GDP, and the shadow federal funds rate to a 100 basis point contractionary monetary
shock in a high (low) monetary policy news uncertainty regime (βH (βL)). Instead of using the period from 1995Q1
to 2022Q2, I set the sample period from 1995Q1 to 2019Q4 to exclude the COVID period. I estimate by smooth
transition local projection model and correct the standard error following Driscoll and Kraay (1998). The light and
dark grey regions in the figure represent the 68% and 90% confidence intervals, respectively.
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3.1 Misjudgment of Monetary Shocks

The first mechanism focuses exclusively on households, suggesting that news uncertainty

primarily distorts households’ judgment of real monetary shocks, thereby driving signaling effects

of monetary policy. Unlike firms, which have access to more sophisticated information channels,

including professional analysts and internal economic research, and can more accurately identify

real monetary shocks, households rely on limited and less reliable information sources. This makes

them more susceptible to the influence of mass media, increasing the likelihood of misjudging

monetary shocks. I modify the basic New Keynesian model (Galı́, 2015) to incorporate uncertainty

and perceived monetary shocks into the framework:

γŷt = d̂t − Etd̂t+1 + Etγŷt+1 + Etπ̂t+1 − r̂pt , (4)

π̂t =
(1− θ)(1− θβ)

θ
((γ + φ)ŷt − (1 + φ)ât) + βEtπ̂t+1, (5)

r̂t = ϕππ̂t + ϕy

(
ŷt −

1 + φ

γ + φ
ât

)
+ m̂t, (6)

r̂pt = ϕππ̂t + ϕy

(
ŷt −

1 + φ

γ + φ
ât

)
+ (1− ratet ∗ 2)m̂t (7)

The basic New Keynesian model includes three state variables: productivity ât, time prefer-

ences d̂t, and monetary policy m̂t. All exogenous variables x̂t = ât, d̂t, m̂t adhere to an AR(1)

process with a stochastic shock component ϵxt , persistence ρx, and shock variance σ2
x. This AR(1)

process is expressed as x̂t = ρxx̂t−1 + ϵxt with ϵxt ∼ N(0, σ2
x), where x̂ = log(xt) − log(x̄) in-

dicates log-deviations from the steady state. I assume that household utility is separable between

consumption and labor, meaning that these two components are treated independently in the utility

function. Additionally, each period, a fraction 1 − θ of monopolistic firms are able to adjust their

prices, while the remaining firms keep prices fixed. Firms use a linear production technology to

produce output.

In the model, r̂t is the real interest rate, and r̂pt is the perceived interest rate when households

receive misleading information. The coefficient for perceived interest rate relative to real mone-

tary shocks is set as (1 − ratet ∗ 2) because I calibrate ratet with the probability of being in a

high monetary policy news uncertainty regime (as shown in Figure 1). I use 50%, or 0.5, as the

threshold. A probability above 0.5 indicates a high uncertainty regime, while a probability below
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0.5 represents a low uncertainty regime. The level of this probability affects how closely perceived

monetary shocks align with real monetary shocks.

When the probability is 0, meaning there is no monetary policy news uncertainty, households

perfectly identify the real monetary shocks. In this scenario, perceived monetary shocks are equal

to real monetary shocks, as households fully trust the central bank’s signals and correctly interpret

its intentions.

In a low uncertainty regime, where the probability falls between 0 and 0.5, most households

are able to correctly recognize the contractionary or expansionary nature of real monetary shocks,

even though some level of uncertainty persists. In this case, perceived monetary shocks are slightly

smaller than the real shocks but still move in the same direction. Households may not have perfect

information, but they are still able to make reasonably accurate judgments about the central bank’s

intentions.

At a probability of exactly 0.5, households are in a state of equal uncertainty, equally split

between trusting and doubting the central bank’s actions. This creates a balance between confi-

dence and skepticism, leading households to adopt a cautious, wait-and-see approach. In such a

scenario, households do not make strong economic decisions based on monetary shocks, as they

neither fully trust nor completely doubt the central bank’s policy direction. As a result, perceived

monetary shocks are neutral and have no clear or immediate effect on the economy.

When the probability is between 0.5 and 1, signaling high monetary policy news uncertainty,

households struggle to access accurate information about the central bank’s actions. This uncer-

tainty is exacerbated by conflicting or misleading media reports, which often contradict the real

monetary shocks, making it difficult for households to understand the true economic situation.

As a result, the information households receive becomes distorted, leading them to perceive the

economic environment as more unstable or complex than it actually is. In such scenarios, house-

holds tend to lean toward pessimistic interpretations (Anderson et al., 2019), overcompensating by

preparing for outcomes opposite to the real shocks. This heightened uncertainty leads households

to believe that monetary shocks are moving in the opposite direction of what is actually happen-

ing. Consequently, in high news uncertainty regimes, perceived monetary shocks deviate from real

shocks, and the greater the uncertainty, the larger the misjudgment, causing households to react in
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ways that undermine the central bank’s policy goals.

Parameter Description Value
β Discount factor 0.99
γ Relative risk aversion 1
θ Calvo pricing 0.75
ν Elasticity of substitution between goods 10
φ Inverse Frisch elasticity 1.06
φπ Taylor rule coefficient on inflation 1.43
φy Taylor rule coefficient on the output gap 0.31
ρm Autocorrelation of monetary policy 0.48
ρa Autocorrelation of productivity 0.98
ρd Autocorrelation of preference 0.90

100σm Standard deviation of monetary policy shock 0.85
100σa Standard deviation of productivity shock 1.42
100σd Standard deviation of preference shock 3.67

Table 1: Calibrated parameters

Table 1 shows the calibrated parameters. The set of parameters used in the model is commonly

found in existing literature. For the quarterly calibration, I set the discount factor (β) to 0.99, with

a relative risk aversion coefficient (γ) of 1. The elasticity of substitution between goods is fixed at

10, which results in a 11% long-run markup. The inverse Frisch elasticity (φ) is set to 1.06 based

on Nimark (2014). The probability that a firm is unable to adjust its price in any given quarter

(θ) is set at 0.75, aligning with the estimates provided by Smets and Wouters (2007) and Nimark

(2014). The Taylor rule coefficients for inflation (ϕπ) and output gap (ϕy) are set to 1.43 and 0.31,

respectively, with a monetary policy shock persistence of ρm = 0.48, similar to Nimark (2014)

and Melosi (2017). The persistence of demand and technology shocks are set to ρd = 0.9 and

ρa = 0.98, consistent with estimates by Smets and Wouters (2003, 2007). Additionally, I calibrate

the rates for high and low monetary policy news uncertainty regimes, ratet, using the average

probability of being in a high monetary policy news uncertainty state for each regime (0.88 and

0.07), respectively.

Figure 7 displays the results of this model, which are similar to the empirical findings: infla-

tion and the output gap increase under high monetary policy news uncertainty, while decreasing

under low monetary policy news uncertainty. This model suggests that when news uncertainty is

high, a greater number of households perceive monetary shocks in the opposite direction to real

shocks, leading them to optimize their utility as if the shocks were expansionary, thereby driving
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the signaling effects of monetary policy. As a result, aggregate demand increases, prompting firms

to raise prices, which leads to both the price and output puzzles.

3.2 Misinterpretation of Monetary Policy

Unlike the first mechanism, which focuses on households misjudging the direction of mone-

tary shocks while firms have full information, the second mechanism introduces regime switching

and considers misinterpretations by both households and firms. Although both groups correctly

identify the real monetary shocks, under high news uncertainty, they misinterpret the central bank’s

intentions behind its policy actions. This misinterpretation arises because the uncertainty surround-

ing the central bank’s communication distorts their understanding of its goals and actions. As a

result, this confusion drives signaling effects, complicating the transmission of monetary policy

and making it harder for the central bank to achieve its intended outcomes.

3.2.1 Households

In addition to exogenous demand shocks, I define a new variable ANXt. This variable reflects

the degree of anxiety households feel about future demand based on current monetary policy news

uncertainty and the monetary policy itself, expressed as Et(ânxt+1) = ânxt + ûtm̂t, where, as be-

fore, x̂ = log(xt)− log(x̄) indicates log-deviations from the steady state, and ût and m̂t represent

the monetary policy news uncertainty and monetary shocks respectively. The larger the variable

ANXt, the lower the utility households derive from consumption. Specifically, under a contrac-

tionary monetary policy regime accompanied by high news uncertainty, households struggle to

accurately understand the central bank’s objectives and future plans. They misinterpret contrac-

tionary policy as a signal of upcoming inflation, believing that the central bank is tightening policy

in response to expected inflationary pressures, as supported by Tas (2011), who found that under

asymmetric information, the public interprets contractionary policy as a sign of higher inflation.

Higher news uncertainty makes it more difficult for households to understand the central bank’s

intentions, which worsens their misinterpretation and amplifies the signaling effects of monetary

policy. As contractionary monetary shocks increase, households tend to expect higher future infla-

tion, exacerbating the signaling effects. However, when news uncertainty is low, households can

accurately interpret the central bank’s policy direction, reducing the signaling effects of monetary
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((a)) Responses under High Monetary Policy News Regime

((b)) Responses under Low Monetary Policy News Regime

Figure 7: The effects of a 100 bps contractionary monetary policy shock when households misjudge the mone-
tary shocks

Notes: The figure illustrates the impulse responses of output, annualized inflation, and the real nominal interest rate
following a 100 basis point contractionary monetary policy shock. The plot(a) represents responses in the high news
uncertainty regime, while the plot(b) represents responses in the low news uncertainty regime.
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policy, even during large monetary shocks, which is why my model includes a term combining

news uncertainty and the magnitude of monetary shocks. This heightened fear of future inflation

and rising prices reduces the attractiveness of future consumption, aligning with findings from

Coibion et al. (2024), which show that increased uncertainty leads to reduced future household

spending. Thus, high news uncertainty amplifies households’ misinterpretations and the signaling

effects of monetary policy, increasing anxiety about future consumption. As a result, households

may consume more in advance, reducing the effectiveness of central bank policy on the demand

side. Therefore, households maximise their utility as follows:

Ut = Et

∞∑
s=0

βs Dt+s

ANXt+s

[
C1−γ

t+s

1− γ
−

N1+φ
t+s

1 + φ

]
(8)

where Et denotes the households’ rational expectations operator based on their incomplete infor-

mation, γ > 0 is the parameter for relative risk aversion, and φ ≥ 0 represents the inverse of

the Frisch elasticity. Apart from anxiety ANXt and exogenous demand shocks Dt, households

additionally face budget constraints as follows:

PtCt +Bt = WtNt +Rt−1Bt−1 +Πt − Tt (9)

where Pt is the aggregate price level, Wt is the nominal wage rate, Rt is the gross return on bonds

Bt, Πt are the profits distributed to households, and Tt represents lump-sum taxes.

Additionally, similar to the empirical analysis, I categorize the current economy into high

and low monetary policy news uncertainty regimes. Households also predict whether they will

remain in the same regime in the next period. I define RegimeL as the low monetary policy news

uncertainty regime and RegimeH as the high monetary policy news uncertainty regime. House-

holds estimate the probability of switching from current uncertainty regime to another uncertainty

regime in the next period as 1 − ω. Therefore, assuming that firms could satisfy all demanded

goods Yt(j) = Ct(j) and Yt = Ct, the consumption Euler equation for this model is

(ŷt|RegimeL) =
1− ρd

γ
d̂t + ωEt(ŷt+1|RegimeL) + (1− ω)Et(ŷt+1|RegimeH)

+
1

γ
Etπ̂t+1 −

1

γ
r̂t +

1

γ
ûL
t m̂t

(10)
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(ŷt|RegimeH) =
1− ρd

γ
d̂t + ωEt(ŷt+1|RegimeH) + (1− ω)Et(ŷt+1|RegimeL)

+
1

γ
Etπ̂t+1 −

1

γ
r̂t +

1

γ
ûH
t m̂t

(11)

Also households determine how to distribute their consumption spending across various goods,

so they maximize the consumption index Ct for any given level of expenditures
∫ 1

0
Pt(j)Ct(j)dj

subject to the composite consumption with the Dixit-Stiglitz aggregator form:

Ct =

(∫ 1

0

Ct(j)
ν−1
ν dj

) ν
ν−1

(12)

where Ct(j) represents the consumption of the good produced by firm j, and ν is the elasticity of

substitution between different consumption goods. Thus, the demand for good produced by firm j

is derived as:

Ct(j) =

(
Pt(j)

Pt

)−ν

Ct (13)

where Pt(j) is the price of the good produced by firm j, and Pt is the price index of the composite

good, given byPt =
(∫ 1

0
Pt(j)

1−νdj
) 1

1−ν
.

3.2.2 Firms

Each firm’s output is determined by a linear production function, Yt(j) = At(j)Nt(j), where

At(j) represents productivity, modeled as logAt(j) = at(j) = at + ηat (j), with ηat (j) ∼ N(0, σ̃2
a).

The higher the variance of ηat (j), the more challenging it becomes for firms to accurately predict the

broader economic state. Additionally, firms receive dispersed information about demand shocks,

expressed as logDt(j) = dt(j) = dt + ηdt (j), where ηdt (j) ∼ N(0, σ̃2
d). These firm-specific

shocks ηat (j) and ηdt (j) create heterogeneity in firms’ expectations. Both at and dt follow an AR(1)

process, with standard deviations σ̃a and σ̃d representing the noise in these signals. The higher

the monetary policy news uncertainty, the greater the signal noise, which reduces the precision

of the information firms receive. This makes it more difficult for firms to accurately interpret

economic signals. As a result, they are more likely to misinterpret real monetary shocks, leading

to a wider gap between perceived and actual shocks. Firms track both their own historical pricing

data and the nominal interest rate, Rt, which serves as an endogenous signal reflecting the central

bank’s policy actions. In summary, the information set available to firm j in period t is defined as
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Ij,t = {logAτ (j), logDτ (j), Rτ : τ ≤ t}.

Following Melosi (2017) and Falck et al. (2021), under its information set, firm j maximises

profits:

max
P̃t(j)

Et(j)

(
∞∑
s=0

(θβ)sλt,t+s

(
P̃t(j)−MCn

t (j)
)
Yt,t+s(j)

)
(14)

subject to the firm’s resource constraint, where λt,t+s denotes the stochastic discount factor and

MCn represents the nominal marginal costs. Additionally, firm j commits to supplying all de-

manded goods Yt(j) = Ct(j), satisfies the specific demand equation (Eq.13), and is subject to the

Calvo (1983) price setting model pt = θpt−1 + (1− θ)
∫ 1

0
p̃t(j)dj.

Similar to households, firms also predict whether they will remain in the same regime in

the next period and estimate the probability of switching from the current uncertainty regime to

another uncertainty regime in the next period as 1 − ω. The real marginal cost is defined as

m̂ct(j) = φn̂t + γŷt − ât − ηat (j), By integrating over all firms, I derive the optimal aggregate

price level:

(p̃t|RegimeL) =− (1− θβ)ât − (1− θβ)â
(1)
t|t + (1− θβ)(φ+ γ)θβŷ

(1)
t|t + (1− θβ)p

(1)
t|t

+ ωθβ
(
p̃
(1)
t+1|t|RegimeL

)
+ (1− ω)θβ

(
p̃
(1)
t+1|t|RegimeH

) (15)

(p̃t|RegimeH) =− (1− θβ)ât − (1− θβ)â
(1)
t|t + (1− θβ)(φ+ γ)θβŷ

(1)
t|t + (1− θβ)p

(1)
t|t

+ ωθβ
(
p̃
(1)
t+1|t|RegimeH

)
+ (1− ω)θβ

(
p̃
(1)
t+1|t|RegimeL

) (16)

where â
(1)
t|t , p(1)t|t , ŷ(1)t|t , and p̃

(1)
t+1|t represent the first-order expectations about the current level of

productivity, the aggregate price level in period t, output in period t, and the optimal price in

period t+ 1, respectively.

3.2.3 Central Bank

The central bank typically has more expert analysts and richer information resources than

households and firms, so I assume the central bank has superior information and fully observes

economic fundamentals. Therefore, the Taylor Rule is:

r̂t = φππ̂t + φy

(
ŷt −

1 + φ

γ + φ
ât

)
+ m̂t (17)
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3.2.4 Calibration and Results

Parameter Description Value
β Discount factor 0.99
γ Relative risk aversion 1
θ Calvo pricing 0.75
ν Elasticity of substitution between goods 10
φ Inverse Frisch elasticity 1.06
φπ Taylor rule coefficient on inflation 1.43
φy Taylor rule coefficient on the output gap 0.31
ρm Autocorrelation of monetary policy 0.48
ρa Autocorrelation of productivity 0.98
ρd Autocorrelation of preference 0.90

100σm Standard deviation of monetary policy shock 0.85
100σa Standard deviation of productivity shock 1.42
100σd Standard deviation of preference shock 3.67
ω Probability of remaining in the same regime 0.94

100σ̃H
a Standard deviation of idiosyncratic

productivity noise in high monetary policy
news uncertainty regime

2.60

100σ̃H
d Standard deviation of idiosyncratic preference

noise in high monetary policy news uncertainty
regime

34.9

100σ̃L
a Standard deviation of idiosyncratic

productivity noise in low monetary policy news
uncertainty regime

0.24

100σ̃L
d Standard deviation of idiosyncratic preference

noise in low monetary policy news uncertainty
regime

0.24

Table 2: Calibrated parameters

Table 2 shows the calibrated parameters. I estimate the probability of remaining in the regime

as 0.96 with the Markov switching model developed by Hamilton (1989). Following Falck et al.

(2021), I also use the values estimated by Melosi (2017) for shock variances and noise variance in

the high uncertainty regime. For the low uncertainty regime, I use the average variance of fore-

casters’ estimates during low monetary policy news uncertainty periods identified in my empirical

study as the noise variance. Additionally, I calibrate the uncertainty variable for high uncertainty

regime periods (uH
t ) using the average value of the log of the monetary policy news uncertainty

index during periods with a high monetary policy news uncertainty regime probability greater than

50%. For low uncertainty regime periods, I set the monetary policy news uncertainty variable (uL
t )

as 0, as households in low uncertainty regimes are typically myopic and not sensitive to potential
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demand changes, resulting in no significant increase in consumption anxiety. All other calibrated

parameters are the same as those in Table 1. I solve this model using the undetermined coeffi-

cients method, which is extensively used by Nimark (2008), Lorenzoni (2009), and Melosi (2017),

and later refined by Falck et al. (2021). Appendix B shows the detailed equilibrium and solution

procedures.

Figure 8 presents the model’s results, which are consistent with empirical findings. Under low

monetary policy news uncertainty, similar to the traditional interest rate transmission mechanism,

a contractionary monetary policy shock increases interest rates, raising borrowing costs. This

rise in borrowing costs reduces the borrowing demand from businesses and consumers, leading

to decreased investment and consumption. The decline in demand results in lower overall output.

Simultaneously, reduced demand slows down price level increases, causing inflation to decrease.

Additionally, due to the anticipated continued weakness in future demand, inflation expectations

also decline. During this period, households and firms can accurately assess real shocks, reducing

the signaling effects of monetary policy and responding as the central bank intends.

However, in a high monetary policy news uncertainty environment, the dynamics of economic

responses undergo significant shifts due to differing household and firm beliefs. When faced with

high news uncertainty, firms struggle to accurately discern whether an increase in nominal interest

rates stems from changes in the output gap, inflation, or an exogenous monetary policy shock. This

uncertainty often leads firms to perceive such an increase as a combination of all three factors.

Specifically, firms frequently misinterpret a contractionary monetary policy shock as a positive

preference shock, which would typically boost demand, and a negative productivity shock, which

would decrease supply. This misinterpretation causes firms to respond in ways that do not align

with the central bank’s real policy intentions. Simultaneously, under high news uncertainty, house-

holds struggle to accurately interpret the central bank’s intentions, leading them to increasingly

view contractionary monetary policy as a signal of future inflation. Households become increas-

ingly anxious about the future consumption environment, fearing that waiting to spend could lead

to higher prices or reduced purchasing power. As a result, they decide to consume more in the cur-

rent period, preferring to make purchases before prices potentially rise further. Despite the looming

threat of negative productivity shocks, which could signal reduced output in the future, firms react

to the increased current demand by either hiring more workers or utilizing their existing resources
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((a)) Responses under High Monetary Policy News Uncertainty Regime

((b)) Responses under Low Monetary Policy News Uncertainty Regime

Figure 8: The effects of a 100 bps contractionary monetary policy shock when misinterpreting the monetary
policy

Notes: The figure shows the impulse responses of output, annualised inflation, one-quarter-ahead annualised inflation
expectations, and first-order beliefs to productivity shocks, preference shocks, and monetary shocks following a 100
basis points contractionary monetary policy shock. The plot(a) represents responses in the high news uncertainty
regime, while the plot(b) represents responses in the low news uncertainty regime.
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more intensively. This response is driven by the need to meet the heightened demand spurred by

households’ increased consumption. However, this intensified production effort typically leads to

higher production costs. As firms incur these additional costs, they pass them on to consumers in

the form of higher prices, thereby contributing to inflation. Firms’ misjudgments about the nature

of economic shocks, combined with households’ anxiety-driven consumption following their mis-

interpretation of monetary signals, together amplify the signaling effects of monetary policy. This

collective misinterpretation from both the demand and supply sides leads to economic outcomes

that deviate from classical expectations. Instead of seeing a decrease in output and inflation, which

is the conventional response to contractionary monetary policy, both output and inflation rise. This

creates what is known as the output and price puzzles. The increase in output and inflation in

response to contractionary policy shocks reflects the distorted perceptions and behaviors of both

firms and households, highlighting the complex and often counterintuitive effects of monetary pol-

icy in uncertain times. This divergence from classical economic theory underscores the critical

role that uncertainty plays in shaping macroeconomic outcomes and highlights the importance of

managing expectations through transparency and clarity in central bank communications with the

mass media.

4 Conclusion

In this dissertation, I explore the impact of news uncertainty on the signaling effects of mone-

tary policy by employing both empirical and theoretical approaches to understand how mass media

influences the expectations and behaviors of households and firms. I utilize a novel index for mon-

etary policy news uncertainty using newspaper data and apply a smooth transition local projection

model to analyze contractionary monetary shocks under different levels of news uncertainty. The

results indicate that in high uncertainty environments, inflation, inflation expectations, and out-

put rise after contractionary policy shocks—contrary to central bank’s expectations—while in low

uncertainty, these variables decrease as conventional theory predicts, illustrating the price and out-

put puzzles. These puzzles reveal that high news uncertainty amplifies the signaling effects of

monetary policy, leading market participants to respond in ways that contradict the central bank’s

intentions. Conversely, with low uncertainty, signaling effects diminish, allowing traditional trans-

mission mechanisms to work effectively.
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I propose two key mechanisms to explain the signaling effects of monetary policy driven

by news uncertainty. The first focuses on households, which are more prone to misinterpreting

monetary shocks due to limited information access compared to firms. When news uncertainty is

high, conflicting media reports distort the information households receive, making the economic

environment seem more unstable and leading to pessimistic reactions, causing households to be-

lieve that monetary shocks are moving in the opposite direction, which exacerbates the puzzles.

A parameter for perceived shocks is introduced to model this, adjusting for news uncertainty lev-

els, showing that higher news uncertainty leads to more misjudgments. The second mechanism

considers both households and firms, suggesting that firms, under high news uncertainty, may

misinterpret contractionary shocks as positive preference and negative productivity shocks, caus-

ing prices to rise. Meanwhile, households, under high news uncertainty, expect future inflation,

prompting higher current consumption to avoid future price hikes. This combined misinterpreta-

tion in households’ and firms’ responses amplifies the signaling effects of monetary policy, driving

deviations from expected outcomes and contributing to the ineffectiveness of policy in stabilizing

inflation and output.

My results contribute to the literature by highlighting how news uncertainty amplifies the

signaling effects of monetary policy, leading to unexpected outcomes like the price and output

puzzles. Unlike previous studies focusing on professional forecasts, I show how mass media im-

pacts households and firms. For policy implications, my findings emphasize the importance of

reducing news uncertainty through clear and consistent communication from central banks. Do-

ing so can enhance the effectiveness of monetary policy by minimizing misinterpretations. These

insights suggest policymakers should consider both household and firm interpretations when de-

signing communication strategies to avoid unintended economic consequences.

While this dissertation offers valuable insights, it has several limitations that future research

could address. The primary reliance on newspaper textual data for constructing the news un-

certainty index may not capture the full complexity of how diverse media sources shape public

perceptions of monetary policy. Additionally, the focus on the U.S. context limits the applica-

bility of findings to other countries with different economic and media landscapes. Moreover,

while the smooth transition local projection model is effective for analyzing non-linear dynamics,

it may overlook certain complexities of regime changes. Future studies could also explore specific
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strategies for reducing public uncertainty in central bank communications.
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